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ABSTRACT
Interpersonal distance behaviors can vary significantly across
countries and impact human social interaction. Do these cross-
cultural differences play out when one of the interaction part-
ners participates through a teleoperated robot? Emerging re-
search shows that when being approached by a robot, people
tend to hold similar cultural preferences as they would for an
approaching human. However, no work yet has investigated
this question from a robot teleoperator’s perspective. Toward
answering this, we conducted an online study (N = 774) using
a novel simulation paradigm across two countries (U.S. and
India). Results show that in the role of a telepresence robot
operator, participants exhibited cross-cultural differences in
interpersonal distance behavior in line with human-human
proxemic research, indicating that culture-specific distance
behavior can manifest in the way a robot operator controls a
robot. We discuss implications for designers who seek to auto-
mate path planning and navigation for teleoperated robots.
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INTRODUCTION
Interpersonal distance behavior, the amount of space people
maintain between themselves and others, is an important cat-
egory of nonverbal behaviors [15, 27]. These behaviors can
implicitly communicate power, dominance, and status, as well
as social and emotional closeness [10, 28, 29, 52]. Violating
interpersonal distance norms can elicit negative emotions with
potentially detrimental consequences for the interaction [16].
For example, several studies have found increased levels of
anxiety upon the violation of interpersonal space [7, 16]. A
study by Heston [30] also found that a confederate approach-
ing was seen as less sociable when personal space was vio-
lated.

Norms regarding the appropriateness of distance behaviors
vary across national cultures [3, 22, 41]. Such cross-cultural
differences in nonverbal communication can often be misin-
terpreted and lead to interpersonal misunderstanding, anxiety,
and poor interaction outcomes [1, 25, 59, 67]. As groups and
teams become increasingly multicultural, understanding in-
tercultural nonverbal communication has increasingly gained
prominence as a research area (e.g., [14, 40, 51]). Would cul-
tural differences in nonverbal communication manifest when
one of the interaction partners is not communicating through
their own body, but the body of a robot? If so, how would they
manifest? These scenarios are increasingly played out as the
use of telepresence robots become more prevalent.

Social interaction with contemporary telepresence robots can
be characterized as interaction between local users and re-
mote users (robot teleoperators) through embodied, mobile
videoconferencing such as the BeamPro seen in Figure 1. Un-
derstanding whether and how nuanced cultural differences in
interpersonal distance behaviors manifest in telepresence robot
mediated interactions is timely, as mobile robotic telepresence
technology has recently reached a tipping point in affordability
and usability in the consumer market. As a result, telepresence
robots from companies such as Beam and Double Robotics
are now widely used in general work contexts [46, 62], at
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Figure 1: BeamPro telepresence robot, ©Suitable Technolo-
gies. Image used with permission from the Suitable Technolo-
gies Press Kit [70].

home [71], and in patient care [8]. As telepresence robots are
increasingly used to support interactions across distance and
culture, it is important to gain a better understanding of how
they may influence social interaction in general, and intercul-
tural interaction specifically.

Emerging research has shown that nonverbal cues from telep-
resence robots, such as height [49], head motion [56], and
turning of the body [19], can affect perceptions of social in-
teraction for both the local users and the remote operators.
In terms of human-robot distancing, there is initial evidence
that when being approached by a robot, people tend to hold
similar cultural preferences as they would for an approaching
human [36]. However, no work so far has investigated this
question from the perspective of a robot teleoperator approach-
ing a human. Given the delay between teleoperator input and
robot execution, and the limitations of the robot’s physical
body, it is an open question whether the nuanced behavioral
tendencies of the teleoperator (e.g., interpersonal distance
preference) would transmit through the way an intermediary
robot is controlled. In other words, would such culturally rele-
vant behavioral conventions of teleoperators transmit through
the mediation of the telepresence technology? Gaining an
understanding of distance behavior through teleoperation is
particularly relevant as these behaviors can manifest not only
in standard telepresence robots, but also in any robot that can
be teleoperated in an interpersonal context (e.g., a teleoper-
ated security robot that patrols a crowded mall, a teleoperated
hospital robot that transfers patients), even those robots that
do not offer a video representation of the operator.

Toward answering the open question of whether a robot tele-
operator’s behavioral tendencies are transmitted through a
teleoperated robot, we present an online study using a novel
simulation paradigm that investigated intercultural differences
in the interpersonal distance behaviors of telepresence robot
operators across two countries (U.S. and India). We chose the
U.S. and Indian cultures due to the availability of online partic-
ipants, as well as expected behavioral differences in proxemics
based on human-human proxemic research. We first review
how culture relates to both human-human and human-robot
interpersonal distance behavior and related work in human-
robot interaction (HRI). We then describe the online study
method and report the results. Our findings indicate that in
the role of a telepresence robot operator, participants exhib-
ited different interpersonal distance behaviors across the two
cultures, and these differences are in line with findings from
intercultural human-human proxemic research. Finally, we
discuss the results and their implications for designers who
seek to automate path planning and navigation for teleoperated
robots and outline directions for future work.

This paper makes three important contributions. First, we
provide initial evidence that remote operators of robots do
exhibit culturally relevant behaviors through teleoperation.
Second, we introduce a new robot teleoperation simulation
paradigm that can facilitate future online investigations of
remote robot operators’ perspectives and behaviors. Third,
we offer an important design insight for the automation of
telepresence robot operation.

RELATED WORK

Culture and Proxemic Behavior
Culture has generally been defined as a system of shared at-
titudes, beliefs, values, manners and behaviors that are ac-
quired and transmitted through interactions with other mem-
bers [58, 61]. Over the past decades, a body of work has doc-
umented differences across cultures in social and behavioral
norms (e.g., [31, 32]). In terms of nonverbal communication,
studies have found cultural differences along eight nonverbal
categories, including proxemics (i.e., use of space) [5].

Proxemic behaviors are also among the nonverbal behaviors
that are associated with perceptions of power, dominance, and
status. For instance, among samples of predominantly North
American or Northern European individuals, smaller interper-
sonal distances were found to indicate perceptions of higher
power, status, and credibility [2, 28]. Thus, understanding
intercultural differences in nonverbal cues such as interper-
sonal distance behaviors has become increasingly important
as intercultural collaboration becomes the new norm in our
increasingly globalized society.

Of particular relevance to interpersonal distance is Hall’s char-
acterization of contact and non-contact cultures [27], also
referred to as high and low-contact cultures. While there is no
consensus, many scholars agree that higher contact cultures
require smaller interpersonal distances (e.g., South Americans,
Southern and Eastern Europeans), whereas lower contact cul-
tures require larger interpersonal distances (e.g., North Ameri-
cans, East Asians) [20, 54, 60, 68]. Andersen [6] further adds
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that warmer climates tend to produce high-contact cultures,
and colder climates tend to produce low-contact cultures.

Within this framework, South Asians are expected to exhibit
closer interpersonal distance behaviors than North Americans.
Supporting this expectation, Watson [68] found that students
from India and Pakistan sat closer to each other than stu-
dents from America and Australia. Though in a recent study,
Sorokowska et al. [57] found the opposite pattern, that Indian
participants on average showed larger interpersonal distance
preferences than the U.S. participants. These conflicting find-
ings could reflect a change in interpersonal distance norms
between the two countries over the past fifty years, or more
likely, are due to a difference in methodology. The earlier Wat-
son study used an observational interactive method between
two participants, whereas the Sorokowska et al. study used a
projective method in which participants were asked to mark
distances on a graphic scale with figures representing people.
While much easier to administer, projective techniques com-
pletely lack proprioceptive cues that would be present in actual
interaction and thus may not reflect true behavioral tendencies.
What can be gathered from these findings is that these two
countries differ in their interpersonal distance norms.

It has also been argued that since culture influences one’s
chronic accessibility of independent vs. interdependent self-
construals, cross-cultural differences such as those observed
above are indirect evidence for the relation between self-
construal and interpersonal distance behavior [33,63]. In other
words, rather than culture, one’s self-construal could be the
more direct factor affecting one’s interpersonal distance behav-
ior. In a series of three studies, Holland et al. [33] showed that
participants’ independent vs. interdependent self-construals,
whether activated through priming or chronic, predicted their
interpersonal distance behaviors. However, Holland et al. did
not include culture as a factor in their studies, thus the relation-
ship between culture, self-construal, and proxemic behavior
remains unclear.

Culture and Human-Robot Proxemic Behavior
Social interaction is no longer limited to those between hu-
mans and animals. On a daily basis, people across the world
engage in interaction with artificial intelligent agents, whether
it be Siri, Cortana, Alexa, or sometimes even robots (e.g., Soft-
Bank’s robot Pepper greeting customers at banks and airports).
Unlike Siri, Cortana and Alexa, robots can exhibit embodied
nonverbal behaviors. Would our current knowledge of inter-
cultural nonverbal communication still be applicable when
one of the interaction partners is a robot?

Research in HRI has shown that across platforms and func-
tions, robots can elicit social responses from people in ways
that are comparable to those elicited by other humans or ani-
mals [11, 23, 24]. Furthermore, a robot’s non-verbal commu-
nication (e.g., gaze, gestures) can improve human-robot task
collaboration by way of increasing understandability of the
robot and reducing errors that can arise from miscommunica-
tion [12].

In terms of human-robot proxemics, studies have found that
approach distances preferred by humans when interacting with

a robot are within the ranges of comparable human-human
social distances corresponding to either Hall’s personal (0.45
to 1.2 m) or social (1.2 to 3.6 m) spatial zones [35,66]. Studies
have also found that when interacting with a robot, people
adhere to similar compensating behaviors observed in human-
human proxemic interaction [45, 53]. That is, people attempt
to maintain a desired degree of intimacy with a robot by com-
pensatory changes in gaze and interpersonal distance (e.g.,
distancing themselves further from a robot that stares at them
too much, or averting their gaze when a robot invades their
personal space). Findings from across these studies suggest
that some common rules of human-human proxemic behavior
apply in human-robot interaction.

While there has been limited intercultural HRI work, the initial
evidences show that there are differences in human-robot inter-
action across cultures. For example, Rau et al. [50] found in a
study with Chinese and German participants that people evalu-
ated a robot more positively when it behaved in ways aligning
with their own cultural preferences. Comparable intercultural
differences have also been found with regard to human-robot
proxemics. For example, Eresha et al. [21] found that Arabs
and Germans showed high vs. low contact differences in their
expectations of the interpersonal distance between themselves
and robots, such that Arab participants arrange themselves
significantly closer to the robots than the German participants.
Joosse et al. [36] also found in an online study that Chinese
participants judged it appropriate for an approaching robot to
get significantly closer to human than the U.S. participants.

The emerging research on intercultural human-robot prox-
emics to date, however, has only investigated the perspec-
tive of the human being approached by a robot. While this
one-sided focus makes sense for interaction with autonomous
robots, it is inadequate when it comes to interaction with tele-
operated robots. As discussed above, social interaction with
teleoperated robots is in essence robot-mediated interaction
between local users and remote robot teleoperators. As such,
the perspective of the robot teleoperator must also be consid-
ered. We sought to address this gap in the present study. It
is possible that the limitations of current teleoperation visual
and audio equipment may diminish the robot teleoperator’s
capacity to meaningfully express nonverbal cultural norms.
Nevertheless, based on extant findings from intercultural prox-
emic research, and the observation that interpersonal proximity
is among those nonverbal behaviors that are particularly diffi-
cult to change [26], we expect that robot teleoperators would
exhibit interpersonal distance behavioral differences across
cultures.

METHOD
We conducted a 2 (robot teleoperator culture) x 2 (local user
culture) online study (N = 774) to investigate whether and
how interpersonal distance behaviors of robot teleoperators
differed across the U.S. and Indian cultures. Participants were
approximately equally distributed across cells, ranging from
187 to 208 per cell. To facilitate the online collection of
data, we leveraged the affordances of the telepresence robot
control interface and developed a novel simulation paradigm
that mirrored the experience of a robot teleoperator driving a
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Figure 2: Screenshots of the practice video with a plant and the 4 video stimuli with U.S. and Indian actors.

telepresence robot forward. We created a series of interactive
video stimuli featuring actors of each culture in the role of
the local user. By interacting with the video stimuli through a
simulated telepresence robot control interface, participants of
each culture acted in the role of the robot teleoperator.

Interactive Video Stimuli Production
For the video stimuli, we created a series of four videos shot
from the perspective of a telepresence robot approaching a
local user in a hallway. To control for potential audio related
confounding factors, all videos (including the practice video
with a plant described below) are silent. We varied the local
user in terms of culture and gender. Two of the videos featured
U.S. local users, one female and one male, and the other two
Indian local users, one female and one male. We chose to have
2 actors from each culture to increase the representativeness
of stimuli, and varying between the genders also allowed us to
control for the gender factor later in analyzing the data. We
created an additional practice video replacing the local user
with a plant in order to provide the participants with the op-
portunity to learn and familiarize themselves with interacting
with the video stimuli through the simulation control interface.
See Figures 2, 3 and the accompanying video for a screenshot
of each video and a flow of the video sequence.

The videos were shot using a GoPro Hero 3+ mounted on a
Suitable Technologies’ BeamPro telepresence robot (seen in
Figure 1). We chose to record the videos using a GoPro camera
rather than the robot’s onboard camera to gain a higher quality
resolution for the raw videos for stimuli preparation, and to
not be constrained into having the BeamPro’s user interface
present in the videos, thus making the stimuli effects more
generalisable across different telepresence robot platforms.

The camera was mounted at a height of 1.46 m to match the eye
level of the seated actors and was shot using the medium field-
of-view settings (127 degrees) at 1080p resolution. All five
videos were shot using the same 6.35 m (250") approach path,
with the robot travelling at 3.59 km/h for the first 3.81 m (150"),
and then slowing down to 1.85 km/h for the final 2.54 m (100").
The slow down point was chosen to demarcate the transition
from Hall’s [27] social zone for interaction with acquaintances
to personal zone for interaction with good friends or family,

which provided the participants with a more leisurely pace to
feel the approach distance as well as allowed the interaction
to seem more natural. All videos were cut at 9.26 seconds and
began as soon as the robot began to move and was cut right
before the robot reached the base of the table (about 0.48 m
from the seated actors).

In the videos, actors were seated at a table and acted as if
they were engaged in working on a laptop. To create a natural
approach interaction, at the moment the robot slowed down,
the actors looked up into the camera and greeted the remote
robot operator by smiling and saying "hi." Then for the brief
duration until the end of the video, they continued looking
into the camera with no further social cues. All actors were
selected to be approximately in the same age range, and of
similar heights as to control the seated eye level at 1.46 m in
all videos. The top of the plant used in the practice video was
also at 1.46 m.

A counter was placed in white text in the bottom left hand
corner of each video, which relayed the video frame numbers,
all ranging from 0-556 (9.26 seconds @ 60 frames per second).
Thus, each frame number is equivalent to an advance of 1.66
cm at the robot’s initial faster speed, and 0.85 cm at the robot’s
later slower speed. The frame numbers were then used as
a measure of the approach distance and converted to actual
distance data.

Simulation Control Interface
The video stimuli were embedded into a web browser at a size
of 850 x 400 pixels using the standard HTML5 video player.
Two buttons were created using javascript to control the play-
ing of the video and to reset it to the beginning. The "forward"
button was designed to mimic the control interface of the
telepresence robot. When participants pressed and held the
"forward" button the video played, showing the robot’s view
moving forward as if the robot is moving forward along the
path. When participants released the button the video stopped,
making it appear as if the robot stopped also. This emulates
the "forward" button function that is commonly found in the
control interface of a telepresence robot, and provides a nat-
uralistic way for participants to interact with the video that
simulates the teleoperation of moving a robot forward. We
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Figure 3: Video stimuli sequence.

also built a "reset" button that was only used with the practice
video, so that participants could reset the video back to the be-
ginning after having "moved" the robot. This allowed them to
repeat the approach experience to familiarize themselves with
the control interface. A screenshot of the simulation control
interface can be seen in Figure 4.

Procedure and Measures
We created a survey using Qualtrics and conducted the ex-
periment on Amazon Mechanical Turk (AMT). We chose

Figure 4: A screenshot of the simulation control interface, with
the video frame counter in the bottom left corner (showing the
number 0 in the image), and the "forward" button below the
counter.

AMT as a survey platform as it allows easy access to a large
and diverse set of participants from both the U.S. and India.
AMT responses have been shown to correlate well with lab-
oratory data and allow for quick data collection and study
iterations [18, 42].

Participants were first asked to give informed consent. To
ensure participants fully read through the instructions and
consent form, we inserted a password into the bottom of the
consent form that they would need to unlock the Qualtrics
survey.

A brief description of what telepresence robots are and a pic-
ture of a telepresence robot were provided at the start of the
survey. Participants were then asked to play a test video to
ensure that their browsers were able to play the embedded
HTML video that the survey would be using. We explicitly
asked participants to play the video and to not progress unless
they were able to.

Participants were then presented with a practice video to fa-
miliarize themselves with the simulation control interface.
Embedded into the web page was the practice video featuring
an approach sequence toward a houseplant in the same posi-
tion as the actors in the video stimuli. This practice video also
featured a "reset" button. As explained above, this was done
so that participants could repeatedly practice until they felt
comfortable with the controls. The functions of the buttons
were explained, and participants were instructed to practice
at least several times before proceeding. They were also in-
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Indian Participants (N = 400) U.S. Participants (N = 374)

Female / male / non-binary % 45.75 / 52.50 / 1.75 % 49.47 / 49.47 / 1.07 %
Age 30.52 (SD = 6.75) 34.67 (SD = 10.33)
Height (cm) 164.33 (SD = 10.97) 172.22 (SD = 11.93)
Self-construal score -0.61 (SD = 7.26) 7.63 (SD = 15.22)
Has used telepresence robot in the past 13.25% 0.27%

Table 1: Summary of participants’ demographic and self-construal score means (standard deviations). Higher mean self-construal
score indicates more accessible independent-self knowledge.

formed that they will not have the use of the "reset" button in
the upcoming video task.

After the practice video, participants were presented with the
experimental task. One video was randomly selected among
the four stimuli, approximately balanced across participants’
and actors’ culture and gender. As explained earlier, partici-
pants could only interact with this key experimental video with
the "forward" button, as we wanted to capture the participants’
initial, intuitive judgements of the approach distance they felt
comfortable. Participants were asked to think of themselves
as the remote operator of a telepresence robot and the person
in the video as a co-worker, and to move the robot forward
toward the co-worker and stop at a point from the co-worker
where they felt comfortable. Once stopped, participants were
instructed to enter the counter number shown on the video
(i.e., the frame number that corresponded to their approach
distance) into the box blow.

After completing this key experimental task, participants were
asked about their experience operating the telepresence robot
in open ended text boxes, and if they have ever used a telepres-
ence robot before. Participants were then asked to complete
the 24-item Self-Construal Scale (with questions presented
in randomized order) [55]. These responses allowed us to
compute a self-construal score for each participant, such that
the higher the score, the more independent the participant’s
self-construal was relative to interdependent. This provided
us with a measure of participants’ chronic self-construal in
order to test the effect of self-construal on proxemic behav-
ior. Finally, we collected demographic information from the
participants regarding factors that have been found to influ-
ence interpersonal distance behavior: age, gender, height and
cultural identification [13, 28, 34, 37, 47, 69].

Participants
Participants were AMT workers and were paid $1.00 for the
estimated 10 minute survey. Workers were eligible to partici-
pate if they could read English and provided informed consent,
were over the age of 18, resided in either the U.S. or India,
and had a previous rating of 95% or higher using the AMT
platform. Since participant culture is key to the present inves-
tigation, we used AMT’s automatic IP filter to ensure that we
only recruited participants from India and the U.S. Individuals
who did not fully complete the survey and enter the comple-
tion code from Qualtrics into AMT were excluded from the
dataset. In total, 1010 individuals completed the survey.

Three filters were used to further ensure data quality. First, as
per previous AMT research recommendation [9, 17, 38], indi-
viduals that completed the survey in less than one-third of the
average completion time were excluded (the mean completion
time was 535.24 seconds). Second, individuals residing in
the two countries that did not identify with the corresponding
cultures were excluded to ensure that the dataset only con-
sisted of individuals living in the U.S. that identified with U.S.
culture and individuals living in India that identified with In-
dian culture. This was done to prevent confounding of the
culture variable with potential bicultural effects (e.g., Indians
that have acculturated to US culture to some degree and vice
versa). Lastly, individuals who entered improper stop frame
values were excluded. Two types of improper stop frame val-
ues were identified. The first type consisted of impossible
values such as text strings and numbers outside of the range
provided. The second type was identified after an examina-
tion of the dependent variable distribution, which revealed
a bimodal distribution with a secondary smaller peak at 7,
ranging from 0 to 9. This secondary peak is presumably the
result of individuals who did not interact with the video at all
and just entered the number 0, and individuals who gave the
"forward" button only 1 click, which would advance the stop
frame most often to 7 and within the 0-10 range. As such, it
can be reasonably assumed that these responses were provided
by individuals who did not understand/follow the instructions
to hold down the "forward" button as instructed for both the
practice and the stimulus videos. Our final sample included
774 participants. See Table 1 for a summary of participant
demographic information.

RESULTS
Participants’ stop frame numbers, the dependent variable, were
first converted to actual approach distances in cm. Next, a
log transformation was performed on the distance data to fit
the assumptions of a linear model. A 2 (robot teleoperator
culture) x 2 (local user culture) ANOVA with actor (local user)
gender, and participant (teleoperator) gender, age, height, self-
construal score, and past use of telepresence robot as control
variables yielded main effects of robot teleoperator culture,
F(1, 763) = 8.32, p = .004, partial η2 = .011 and local user
culture, F(1, 763) = 10.31, p = .001, partial η2 = .013, and
an interaction between the two, F(1, 763) = 4.37, p = .037,
partial η2 = .006. This significant interaction between robot
teleoperator culture and local user culture was also found in
the untransformed raw data, F(1, 763) = 4.49, p = .034, partial
η2 = .006.
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Figure 5: Raw mean approach distances. Each error bar is
constructed using a 95% confidence interval of the mean.

Figure 6: Back-transformed geometric mean approach dis-
tances. Each error bar is constructed using a 95% confidence
interval of the mean.

Post hoc analyses using the Bonferroni correction revealed
that U.S. participants stopped further away from the actor than
Indian participants when approaching U.S. actors, p < .001, but
not when approaching Indian actors, p = .398. Furthermore,
while U.S. participants stopped further away from U.S. actors
than from Indian actors, p < .001, Indian participants did not
significantly differ in their approach distance toward either, p
= .419. See Figure 5 for the raw and Figure 6 for the back-
transformed geometric mean approach distances of each group,
and Figure 7 for a visual comparison of the mean approach
distances (using raw means).

All other main effects were non-significant, indicating that the
control variables of actor (local user) gender, and participant
(teleoperator) gender, age, height, self-construal score, and
past use of telepresence robot had no significant effect on
participants’ approach distances over and above that of culture.

DISCUSSION
Results show that all mean approach distances are in line with
previous cross-cultural human-robot proxemic research, and
are within the ranges of comparable human-human social dis-
tances corresponding to either Hall’ s personal (0.45 to 1.2 m)
or social (1.2 to 3.6 m) spatial zones [27, 35, 66]. Furthermore,
in the role of a telepresence robot operator, as expected, the
U.S. participants, compared to the Indian participants, stopped
further away from the U.S. actors in the role of a local user.

This cross-cultural pattern is in line with previous finding
from human-human proxemic research between U.S. and In-
dia using an observational interactive method with two partic-
ipants [68], but opposite of that was found with a projective
method [57]. This suggests that the view offered by a typical
telepresence robot control interface, unlike the projective tech-
niques, offer sufficient proprioceptive cues for a teleoperator
to judge and express proxemic information, at least in terms
of interpersonal approach distance behaviors.

Literature indicates that interpersonal proximity is among
those nonverbal behaviors that are particularly difficult to
change [26]. Accordingly, we had expected that participants
would exhibit proxemic behaviors consistently regardless of
the local user actors’ culture. It is curious that while the In-
dian participants did not significantly vary in their approach
distances toward local user actors of either culture, the U.S.
participants did. In other words, as expected, the U.S. partic-
ipants, compared to the Indian participants, exhibited larger
approach distances toward the U.S. local user actors, how-
ever, their approach distances toward the Indian local user
actors were on par with those of the Indian participants. This
interaction effect was unexpected.

One possible, tentative explanation for this result could
be found in Molinsky’s concept of "cross-cultural code-
switching" (i.e., [44], p. 623), which describes it as "the act
of purposefully modifying one’s behavior, in a specific inter-
action in a foreign setting, to accommodate different cultural
norms for appropriate behavior...for the purpose of creating a
desired social impression." It is possible that while both coun-
tries are culturally and racially diverse, racial discrimination is
particularly at the moment (and at the time of data collection) a
very heated topic in the U.S., which could potentially have re-
sulted in a heightened level of "cross-cultural code-switching"
in the U.S. participants. In other words, when presented with
an Indian local user actor, U.S. participants might have en-
gaged in more behavioral modification to accommodate what
they perceived to be the foreign cultural norm.

Another potential explanation for the finding that the U.S. par-
ticipants kept larger distances between themselves and the U.S.
actors than they did with the Indian actors could be due to per-
ceptions of power, dominance, and status. As discussed earlier,
among samples of predominantly North American or North-
ern European individuals, smaller interpersonal distances were
found to indicate perceptions of higher power, status, and cred-
ibility [2, 28]. Either explanation would need further research
to confirm, but we think this interaction effect is an interesting
finding that warrants further investigation.

This perplexing interaction effect notwithstanding, our results
show that Indian participants’ proxemic behaviors differed
from those of the U.S. participants. We had used silent videos
as stimuli to control for potential audio confounds, and in
our analyses, we also controlled for major factors that could
affect interpersonal distance behavior (i.e., gender, age, height,
self-construal, and past use of telepresence robot). All these
give us confidence that the differences we observed between
the Indian and the U.S. participants were at least partially due
to cultural differences. While the effect sizes found in this
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Figure 7: Visual views of the (raw) mean approach distances. From left to right: mean approach distance of Indian participants
toward Indian actors (i), mean approach distance of Indian participants toward U.S. actors (ii), mean approach distance of U.S.
participants toward Indian actors (iii), mean approach distance of U.S. participants toward U.S. actors (iv).

study are small, they are in line with those reported in previ-
ous research on technology mediated interpersonal distance
behavior [72]. To our knowledge, these results are the first to
shed light onto robot teleoperators’ culturally relevant prox-
emic behaviors, and provide initial evidence that group level
proxemic behaviors can be transmitted through the mediation
of the telepresence technology.

Anecdotal data from participant comments about their expe-
rience interacting with the teleoperation simulation indicates
that our stimulation paradigm was effective in eliciting a sense
of robot teleoperation. Participants spoke about a sense of
bodily limitation often heard from actual telepresence oper-
ators. For example, one participant said: "I couldn’t use my
own body language as I approached." And another added: "I
couldn’t express my level of energy or excitement via my
gait, or ’spring’ in my step." Nevertheless, despite such bodily
limitations, our quantitative results show that interpersonal
distance behavior tendencies could still be transmitted through
teleoperation.

More broadly, these results suggest that at least certain cul-
tural norms about appropriate behavior manifest in the way
teleoperators control a robot. Our study provided evidence
that nonverbal behavior (in this case interpersonal distance
behavior) can be transmitted through an intermediary robot
in culture/group-specific ways, just by way of how an oper-
ator clicks buttons on a control interface. This suggests that
culture/group-specific nonverbal cues could manifest even in
teleoperated robots that do not provide audiovisual access to
the teleoperator as standard telepresence robots do. For ex-
ample, a teleoperator could drive a mall security robot too
close for comfort for many mall goers without ever realiz-
ing it. Thus, the knowledge that one’s cultural behaviors can
be implicitly transmitted through an intermediary robot is an
important consideration for the use of teleoperated robots in
intercultural/intergroup settings, particularly for socially sensi-
tive contexts such as patient care, or policing.

Furthermore, the results of this study has important implica-
tions for designers of next level robot teleoperation. Auto-
mated path planning and navigation is becoming an increas-
ingly prevalent area of research [43, 48, 64, 65] and implemen-
tation for telepresence [4,73] and other mobile robots [39]. We
argue that culturally relevant differences in robot teleoperators’
proxemic norms should be accounted for in designing the spec-
ifications and configurations of these advanced functions, and

that in terms of semi-autonomous navigation, a "one distance
fits all" approach may not be ideal in cross-cultural HRI im-
plementation. For example, in the case of a robot teleoperator
driving a mall security robot too close for comfort for mall go-
ers, the system could be configured with the preferred distance
norm of the mall goers to (1) signal warning on the operator’s
control interface whenever the robot crosses the preset thresh-
old, or (2) trigger semi-autonomous navigation functions that
automatically correct path whenever the trajectory of the robot
would cross the preset threshold.

Limitations and Future Directions
While our robot teleoperation simulation interface proved to be
effective in the present study, features could be improved upon
and added to fully tap its potential to be a powerful paradigm
for online investigations of robot teleoperator preferences and
behaviors. For example, the additions of a "reverse" button
and directional buttons would expand its use to more complex
navigation paths and teleoperation behaviors.

The present study also had a stimulus sampling limitation.
That is, we chose only two actors to represent each culture. As
a first step into robot teleoperator cross-cultural research, we
wanted to use a simpler study design to first assess whether
such culturally relevant group level differences even exist.
Now that we have provided initial evidence that they do exist,
future work should consider selecting an adequate number of
actors to more comprehensively represent the racial diversity
of the countries under investigation. Furthermore, employing a
manipulation check on participants’ perception of actor culture
would help to disentangle effects such as the interaction effect
found in this study.

CONCLUSION
In an increasingly technological and global world, one may
find oneself interacting with a coworker from another country
through a company’s telepresence robot. What do we need
to be aware of in these situations, and how should we design
the next level technology to support the social and emotional
functioning of those involved? The present study provided
initial evidence that a robot teleoperator’s culture-specific be-
haviors can be transmitted to the intermediary robot through
the operator’s actions on the control interface, at least in terms
of interpersonal distance behaviors. We also presented a new
robot teleoperation simulation paradigm that can facilitate

CHI 2018 Paper CHI 2018, April 21–26, 2018, Montréal, QC, Canada

Paper 51 Page 8



future online investigations of remote robot operators’ per-
spectives and behaviors. Finally, our results offer an important
design insight for the future development of robot teleopera-
tion that takes into consideration culture-specific behaviors of
the robot teleoperator.

ACKNOWLEDGMENTS
This material is based upon work supported by the National
Science Foundation (NSF) under Grant Nos. IIS-1139161 and
IIS-1563705. Any findings, recommendations, conclusions, or
opinions expressed in this material are those of the author(s)
and do not necessarily reflect the views of the NSF.

REFERENCES
1. Raji Ridwan Adetunji and Koh Phei Sze. 2012.

Understanding Non-Verbal Communication across
Cultures: A Symbolic Interactionism Approach. (2012).

2. Herman Aguinis, Melissa M Simonsen, and Charles A
Pierce. 1998. Effects of nonverbal behavior on
perceptions of power bases. The Journal of social
psychology 138, 4 (1998), 455–469.

3. John R Aiello and Donna E Thompson. 1980. Personal
space, crowding, and spatial behavior in a cultural
context. In Environment and culture. Springer, 107–178.

4. Sjriek Alers, Daan Bloembergen, Maximilian Bügler,
Daniel Hennes, and Karl Tuyls. 2012. MITRO : an
augmented mobile telepresence robot with assisted
control ( Demonstration ). Proceedings of the 11th
International Conference on Autonomous Agents and
Multiagent Systems (2012), 1475–1476.

5. Peter Andersen. 1988. Explaining intercultural
differences in nonverbal communication. Intercultural
communication: A reader (1988), 272–281.

6. Peter A Andersen, Myron W Lustig, and Janis F
Andersen. 1990. Changes in latitude, changes in attitude:
The relationship between climate and interpersonal
communication predispositions. Communication
Quarterly 38, 4 (1990), 291–311.

7. Michael Argyle and Janet Dean. 1965. Eye-contact,
distance and affiliation. Sociometry (1965), 289–304.

8. Matt Beane and Wanda J Orlikowski. 2015. What
difference does a robot make? The material enactment of
distributed coordination. Organization Science 26, 6
(2015), 1553–1573.

9. Tara S Behrend, David J Sharek, Adam W Meade, and
Eric N Wiebe. 2011. The viability of crowdsourcing for
survey research. Behavior research methods 43, 3 (2011),
800.

10. Charles R Berger. 1994. Power, dominance, and social
interaction. Handbook of interpersonal communication 2
(1994), 450–507.

11. Cynthia Breazeal. 2003. Toward sociable robots. Robotics
and autonomous systems 42, 3 (2003), 167–175.

12. Cynthia Breazeal, Cory D Kidd, Andrea Lockerd
Thomaz, Guy Hoffman, and Matt Berlin. 2005. Effects of

nonverbal communication on efficiency and robustness in
human-robot teamwork. In Intelligent Robots and
Systems, 2005.(IROS 2005). 2005 IEEE/RSJ
International Conference on. IEEE, 708–713.

13. Judee K Burgoon and Norah E Dunbar. 2000. An
interactionist perspective on dominance-submission:
Interpersonal dominance as a dynamic, situationally
contingent social skill. Communications Monographs 67,
1 (2000), 96–121.

14. Judee K Burgoon, Laura K Guerrero, and Kory Floyd.
2016. Nonverbal communication. Routledge.

15. Judee K Burgoon, Laura K Guerrero, and Valerie
Manusov. 2011. Nonverbal signals. The SAGE handbook
of interpersonal communication. London: SAGE (2011).

16. Judee K Burgoon and Stephen B Jones. 1976. Toward a
theory of personal space expectations and their violations.
Human Communication Research 2, 2 (1976), 131–146.

17. Gesa Busch, Daniel M Weary, Achim Spiller, and
Marina AG von Keyserlingk. 2017. American and
German attitudes towards cow-calf separation on dairy
farms. PloS one 12, 3 (2017), e0174013.

18. Kuan-Ta Chen, Chen-Chi Wu, Yu-Chun Chang, and
Chin-Laung Lei. 2009. A crowdsourceable QoE
evaluation framework for multimedia content. In
Proceedings of the 17th ACM international conference on
Multimedia. ACM, 491–500.

19. Mina Choi, Rachel Kornfield, Leila Takayama, and Bilge
Mutlu. 2017. Movement Matters: Effects of Motion and
Mimicry on Perception of Similarity and Closeness in
Robot-Mediated Communication. In Proceedings of the
2017 CHI Conference on Human Factors in Computing
Systems. ACM, 325–335.

20. Rebecca J Cline and Carol A Puhl. 1984. Gender, culture,
and geography: A comparison of seating arrangements in
the United States and Taiwan. International Journal of
Intercultural Relations 8, 2 (1984), 199–219.

21. Ghadeer Eresha, Markus Häring, Birgit Endrass,
Elisabeth André, and Mohammad Obaid. 2013.
Investigating the influence of culture on proxemic
behaviors for humanoid robots. In RO-MAN, 2013 IEEE.
IEEE, 430–435.

22. Gary W Evans, Stephen J Lepore, and Karen Mata Allen.
2000. Cross-cultural differences in tolerance for
crowding: fact or fiction? Journal of personality and
social psychology 79, 2 (2000), 204.

23. Jodi Forlizzi. 2007. How robotic products become social
products: an ethnographic study of cleaning in the home.
In Proceedings of the ACM/IEEE international
conference on Human-robot interaction. ACM, 129–136.

24. Jodi Forlizzi and Carl DiSalvo. 2006. Service robots in
the domestic environment: a study of the roomba vacuum
in the home. In Proceedings of the 1st ACM
SIGCHI/SIGART conference on Human-robot interaction.
ACM, 258–265.

CHI 2018 Paper CHI 2018, April 21–26, 2018, Montréal, QC, Canada

Paper 51 Page 9



25. Ge Gao, Sun Young Hwang, Gabriel Culbertson, Sue
Fussell, , and Malte F Jung. In Press. Beyond Information
Content: The Effects of Culture On Affective Grounding
in Instant Messaging Conversations. In CSCW.

26. William B Gudykunst. 2003. Cross-cultural and
intercultural communication. Sage.

27. Edward Twitchell Hall. 1966. The hidden dimension.
(1966).

28. Judith A Hall, Erik J Coats, and Lavonia Smith LeBeau.
2005. Nonverbal behavior and the vertical dimension of
social relations: a meta-analysis. (2005).

29. Judith A Hall and Gregory B Friedman. 1999. Status,
gender, and nonverbal behavior: A study of structured
interactions between employees of a company.
Personality and Social Psychology Bulletin 25, 9 (1999),
1082–1091.

30. Judee K Heston. 1974. Effects of personal space invasion
and anomia on anxiety, nonperson orientation and source
credibility. Communication Studies 25, 1 (1974), 19–27.

31. Geert Hofstede. 1983. The cultural relativity of
organizational practices and theories. Journal of
international business studies 14, 2 (1983), 75–89.

32. Geert Hofstede, Gert Jan Hofstede, and Michael Minkov.
2010. Cultures et organisations: Nos programmations
mentales. Pearson Education France.

33. Rob W Holland, Ute-Regina Roeder, Baaren Rick B. van,
Aafje C Brandt, and Bettina Hannover. 2004. Don’t stand
so close to me: The effects of self-construal on
interpersonal closeness. Psychological science 15, 4
(2004), 237–242.

34. Veronica Diaz-Peralta Horenstein and Jerrold L Downey.
2003. A Cross-Cultural Investigation of Self-Disclosure.
North American Journal of Psychology 5, 3 (2003).

35. Helge Hüttenrauch, Kerstin Severinson Eklundh, Anders
Green, and Elin A Topp. 2006. Investigating spatial
relationships in human-robot interaction. In Intelligent
Robots and Systems, 2006 IEEE/RSJ International
Conference on. IEEE, 5052–5059.

36. Michiel P Joosse, Ronald W Poppe, Manja Lohse, and
Vanessa Evers. 2014. Cultural differences in how an
engagement-seeking robot should approach a group of
people. In Proceedings of the 5th ACM international
conference on Collaboration across boundaries: culture,
distance & technology. ACM, 121–130.

37. Timothy A Judge and Daniel M Cable. 2004. The effect
of physical height on workplace success and income:
preliminary test of a theoretical model. (2004).

38. Neha Khandpur, Dan J Graham, and Christina A Roberto.
2017. Simplifying mental math: Changing how added
sugars are displayed on the nutrition facts label can
improve consumer understanding. Appetite 114 (2017),
38–46.

39. Hideaki Kuzuoka, Yuya Suzuki, and Jun Yamashita. 2010.
Reconfiguring Spatial Formation Arrangement by Robot
Body Orientation. Proceedings of the 5th (2010),
285–292. DOI:
http://dx.doi.org/10.1109/HRI.2010.5453182

40. Dale G Leathers and Michael Eaves. 2015. Successful
nonverbal communication: Principles and applications.
Routledge.

41. Fred Luthans and Jonathan P Doh. 2009. International
management: Culture, strategy, and behavior.
McGraw-Hill Irwin New York, NY.

42. Winter Mason and Siddharth Suri. 2012. Conducting
behavioral research on AmazonâĂŹs Mechanical Turk.
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